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Preface

It is no longer necessary to emphasize that computer
science is omnipresent today. Terms as digitalization,
Industry 4.0 etc. are frequently heard in the mass media
and are becoming a part of our everyday life. The rapid
advances in computer science require a large investment
in research and development. In particular, it is impor-
tant to educate young scientists, which is one of the
objectives of the StuCoSReC conference.

In front of you is the proceedings of the fifth Stu-
CoSReC conference. The StuCoSReC is intended for
masters & PhD students to show their research achieve-
ments. Socializing is also important and the confer-
ence is an excellent opportunity for students to get to
know each other. The conference connects students of
computer science and goes beyond the invisible limits of
faculties. The uniqueness of StuCoSReC conference is
that it is organized each year by different higher educa-
tion institution. The University of Ljubljana - Faculty
of Computer and Information Science is proud to host
the conference this year.

Twelve papers addressed this conference, covering sev-
eral topics of the computer science. All the papers were
reviewed by two international reviewers and accepted
for the oral presentation.

ref. prof. dr. Nikolaj Zimic



Contents

Preface II
Papers

Regulacija plovea v zracnem tunelu (zracéna levitacija) na osnovi mehke logike

« PrimoZ Bencak, Dominik Sedonja, Andrej Picej, Alen Kolman, Matjaz Bogsa 5713
Razpoznavanje literature v dokumentih in dolocanje njihovih sklicev v besedilu -
+ Matej Moravec, David Letonja, Jan Tovornik, Borko Boskovié¢ 5719
Klasifikacija samomorilskih pisem 2125

« Dejan Rupnik, Denis Ekart, Gregor Kovacevi¢, Dejan Orter, Alen Verk, Borko Bogkovi¢
Nacrtovange poprocesorja za pretvorbo NC/ISO G-kode v translacije
za 3/5 osnega robota ACMA ABB XR701 27-33

+ Gregor Germadnik, Timi Karner, Klemen Berkovi¢, Iztok Fister

Using constrained erhaustive search vs. greedy heuristic search for classification rule learning

+ Jamolbek Mattiev, Branko Kavsek 3538
Real-time visualization of 3D digital Earth o
«+ Aljaz Jeromel 3974
Towards an enhanced inertial sensor-based step length estimation model 6
+ Melanija Vezocnik, Matjaz Branko Juri¢ 4374
Breast Histopathology Image Clustering using Cuckoo Search Algorithm 3

« Krishna Gopal Dhal, Iztok Fister Jr., Arunita Das, Swarnajit Ray, Sanjoy Das 47754
Time series classification with Bag-Of-Words approach post-quantum cryptography B

+« Domen Kavran 55759
The problem of quantum computers in cryptography and post-quantum cryptography 61-6
» Dino Vlahek 4
Named Entity Recognition and Classification using Artificial Neural Network 650
« Luka Bagek, Borko Boskovié 57
Context-dependent chaining of heterogeneous data )

+ Rok Gomiscek, Tomaz Curk 7

St C SR C Proceedings of the 2018 5™ Student Computer Science Research Conference
u O e Ljubljana, Slovenia, g October III






StuCoSReC

Towards an enhanced inertial sensor-based step length
estimation model

Melanija Vezoénik
University of Ljubljana, Faculty of Computer and
Information Science
Ljubljana, Slovenia
mv6082@student.uni-lj.si

ABSTRACT

Inertial sensors found in Internet-of-Things devices such as
smartphones and smartwatches can be used to track user’s
activity as well as step length. In particular, rapidly grow-
ing interest in pedestrian dead reckoning — indoor position-
ing approach that calculates current position as the sum of
previous position and vector with step length and heading
information — prompts to develop refined step length esti-
mation models to overcome inaccuracy in determining step
length. In this work we present our research towards an en-
hanced inertial sensor-based step length estimation model.
For this purpose, we extend an existing step-frequency-based
model with acceleration and make it less user-specific. We
evaluated the performance of the proposed model for one
sensor position and different walking speeds and obtained
very promising results comparable to related models. We
will further improve the accuracy of the proposed model
and modify it, so it will require less time for tuning, and
thoroughly address the pre-processing of the sensor data.
We will also test the proposed model for different sensor
positions and pedestrian-dead-reckoning-based indoor posi-
tioning.

Keywords
inertial sensors, pedestrian dead reckoning, step length esti-
mation

1. INTRODUCTION

Over the past few years, user engagement enabling Internet-
of-Things (IoT) technologies are emerging. In particular, in-
ertial sensors can be utilized to track user’s activity as well as
step length since they can be found in smartphones, smart-
watches and other IoT devices. They also exhibit advan-
tages such as easy accessibility, inexpensiveness and small-
size. Moreover, estimating step length is also applicable
in diverse areas, especially in indoor positioning approach
called pedestrian dead reckoning [1, 2, 3, 4] that determines
the current position by adding vector with step length and
heading information to the previous position.

Throughout this work we address inertial sensor-based step
length estimation models. According to [5], they can be
classified into four categories based on the parameters they
require as an input. These parameters are obtained from
inertial sensor measurements. The categories are: step-
frequency-based [1, 2, 6], acceleration-based [3, 7], angle-
based [8] and multiparameter [4, 9]. Step-frequency-based
models require step frequency as an input, acceleration-based
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models require acceleration, angle-based models require the
opening angle of the leg and the input of multiparameter
models combines two or all three of the previously listed
parameters.

In this work we present our research towards an enhanced
inertial sensor-based step length estimation model that in-
creases the accuracy of estimated step length. Section 2
overviews step length estimation models. Section 3 describes
the derivation and Section 4 the evaluation of the proposed
model. Section 5 presents results, whereas Section 6 dis-
cusses them. Finally, Section 7 concludes this work present-
ing future research directions.

2. OVERVIEW OF STEP LENGTH ESTIMA -
TION MODELS

Step length is determined in several phases. In order to
acquire inertial sensor measurements, a sensor has to be
set-up on user’s body, most commonly in hand, pocket or
centre of body mass. Acquired data — usually accelerome-
ter measurements — have to be pre-processed to eliminate
errors. Steps are detected before step length is determined
using a step length estimation model that often has to be
tuned. Next, we briefly present the categories of the models
(step-frequency-based, acceleration-based, angle-based and
multiparameter).

2.1 Step-frequency-based models
Step-frequency-based models require step frequency as an
input. They commonly exploit linear relationship between
step length and step frequency and have to be tuned prior to
utilization. The following two models include user’s height.
Renaudin et al. [6] proposed a model based on linear rela-
tionship between step length and step frequency, whereas
Tian et al. [2] exploited the link between square root of step
frequency and step length. On the contrary, Zhang et al. [1]
included user’s leg length in their model, but based it on the
linear relationship between step length and step frequency,
similarly as the model proposed by Renaudin et al. [6].

2.2 Acceleration-based models

Acceleration-based models require acceleration as an input.
They often exploit the link between step length and accel-
eration properties such as minimum and maximum accel-
eration values within the step. Weinberg [7] proposed such
model. It calculated step length as the product of a tuneable
constant and fourth principal root of the difference between
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maximum and minimum vertical acceleration values within
a step. Similarly, Do et al. [3] based their model on verti-
cal displacement of the centre of body mass. This model
includes user’s leg length, but it does not include any tune-
able constants.

2.3 Angle-based models

Angle-based models require the opening angle of the leg as
an input. They often exploit linear relationship between
step length and the opening angle of the leg. Diaz and Gon-
zales [8] proposed such model. It includes two tuneable con-
stants.

2.4 Multiparameter models

The input of multiparameter models combines two or all
three of the previously listed parameters: step frequency,
acceleration or the opening angle of the leg. These models
usually extend existing models with additional parameters.
For example, Mikov et al. [4] included the inverse of step
frequency in the Weinberg model [7]. Similarly, Bylemans
et al. [9] also based their model on the difference between
maximum and minimum acceleration values within a step,
but they included step frequency and absolute average ac-
celeration value in walking direction in the model.

3. THE DERIVATION OF THE PROPOSED
MODEL

Before we started deriving a new model, we carried out an
in-depth analysis and comparison of 13 relevant representa-
tive inertial sensor-based step length estimation models [5],
where we studied the influence of four typical sensor po-
sitions and different walking speeds on their performance.
We tuned the models with personalized and universal sets
of constants. We also established a benchmark repository
for the performance evaluation of inertial sensor-based step
length estimation models that includes more than 22 km of
gait measurements obtained from 15 adults using off-the-
shelf smartphone. This repository is openly available at:
https://github.com/repositoryadmin/SLERepository.

In [5], we obtained the best overall evaluation results for
universal sets of constants for the model proposed by Tian
et al. [2] and therefore started deriving our enhanced model
from this model. The model proposed by Tian et al. [2]
calculates step length as:

SL=K-VF-h, (1)

where SL represents estimated step length, K tuneable con-
stant, h user’s height and F' step frequency.

We observed that average walking speed during tests af-
fected the values of tuneable constant in the model as shown
in Figure 1. We can see that on average the values of the con-
stant increase with the increased walking speed. We there-
fore include mean absolute acceleration in walking direction
in our model. To make the proposed model less user-specific,
we exclude user’s height and calculate step length as:

SL:Kl'\/F'aﬁiaTm (2)

where SL represents estimated step length, K7 and K> are
tuneable constants, ameqn mean absolute acceleration value
in walking direction and F' step frequency.

Value of tunable constant
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Figure 1: Values of tuneable constants in the model
proposed by Tian et al. [2] for different walking
speeds.

4. EVALUATION

For the evaluation of the proposed model, we used data from
the repository described in the previous section that includes
measurements acquired in two independent sets of field tests
on two straight test paths: 15- and 108-m-long. We used
the data collected on the shorter path to tune the models
and the data collected on the longer path to evaluate the
performance of the models.

To eliminate the impact of smartphone orientation, we only
considered hand-reading position as shown in Figure 2, where
the user is carrying the smartphone in hand. Smartphone’s
local coordinate system is considered as follows: y-axis is
pointing in the walking direction and z-axis is pointing in
the opposite direction of the floor. Smartphone’s position
is fixed. Three steady walking speeds were tested: slow,
normal and fast. Participants self-selected walking speeds
to their preference, but they were asked to maintain the
walking speed as similar as possible for the time of the ex-
periment. One person always monitored the execution of the
experiments and counted the number of participants’ steps.
Despite the fact that persons self-selected slow, normal and
fast walking speeds to their preference, we observed that av-
erage walking speeds ranged from 0.45 m/s to 1.25 m/s for
slow walking speed, 0.90 m/s to 1.65 m/s for normal walking
speed and 1.40 m/s to 2.00 m/s for fast walking speed [5].

Measurements were acquired using off-the-shelf Samsung Ga-
laxy S7 edge smartphone. Sampling frequency was 100 Hz
with standard deviation of 8 Hz. Therefore, acquired mea-
surements were resampled to 100 Hz by employing linear
interpolation. We used peak detection algorithm for step
detection and determined personalized constants of the pro-
posed model and the models selected for the comparison us-
ing optimization analysis on the data collected on the shorter
path. We employed personalized sets of constants to eval-
uate the performance of the models on the data collected
on the longer path. For every test, we have calculated the
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Figure 2: Hand-reading position.

performance as:

d—d*
e T 3)
d*
where e is error, d is the estimated distance of walked path
and d* the real distance of walked path.

5. RESULTS

Table 1 shows the performance of the models. It includes
mean errors and standard deviations of the models with
respect to total walked distance. Mean errors range from
3.76 % to 16.84 % and standard deviations from 2.41 % to
7.56 %.

Table 1: The performance of the models.

Models Mean Standard
errors [%] deviations [%)]
Tian et al. [2] 4.35 2.78
Zhang et al. [1] 8.91 6.86
Renaudin et al. [6] 8.91 6.86
Do et al. [3] 16.84 7.56
Weinberg (7] 4.36 3.80
Diaz and

Gonzales [8] 525 .54
Mikov et al. [4 7.44 5.93
Bylemans et al. [9] 5.68 4.61
Proposed model 3.76 2.41

6. DISCUSSION

Overall, the proposed model slightly outperformed all the
other models. Quite similar performance achieved the mod-
els proposed by the Tian et al. [2], Weinberg [7], Diaz and
Gonzales [8], Bylemans et al. [9] and Mikov et al. [4]. Even
though the model proposed by Mikov et al. [4] extends the
Weinberg model [7] it did not perform better on average.
The models proposed by Zhang et al. [1] and Renaudin et
al. [6] performed similarly since they can be rewritten to the

same model by employing substitution [5]. The model pro-
posed by Do et al. [3] expectedly performed the worst since
it does not contain any tuneable constants.

7. CONCLUSION

In this work we presented our research towards an enhanced
inertial sensor-based step length estimation model. We based
our model on the model proposed by Tian et al. [2] since we
obtained the best evaluation results for it for universal sets
of constants [5].

We eliminated user’s height from the model and included
mean absolute acceleration in walking direction instead. We
tested the proposed model for one sensor position in hand
and obtained promising evaluation results comparable to re-
lated models.

We will further improve the accuracy of the proposed model
and test it for more sensor positions. We also plan to modify
the proposed model, so it would require less time for tun-
ing and thoroughly address the pre-processing of the sensor
data. Moreover, we will conduct additional experiments us-
ing different IoT devices and test the proposed model for
pedestrian-dead-reckoning-based indoor positioning.

Acknowledgments

M. V. received funding for doctoral studies from the Univer-
sity of Ljubljana — 2016 generation. Authors would like to
thank all the volunteers who participated in the experiment.

8. REFERENCES

[1] P. Zhang, X. Chen, X. Ma, Y. Wu, H. Jiang, D. Fang,
Z. Tang, and Y. Ma, “SmartMTra: Robust Indoor
Trajectory Tracing Using Smartphones,” IEEE Sensors
Journal, vol. 17, no. 12, pp. 3613-3624, 2017.

[2] Q. Tian, Z. Salcic, K. I. K. Wang, and Y. Pan, “A
Multi-Mode Dead Reckoning System for Pedestrian
Tracking Using Smartphones,” IEEE Sensors Journal,
vol. 16, no. 7, pp. 2079-2093, 2016.

[3] T. N. Do, R. Liu, C. Yuen, M. Zhang, and U. X. Tan,
“Personal Dead Reckoning Using IMU Mounted on
Upper Torso and Inverted Pendulum Model,” IEEE
Sensors Journal, vol. 16, no. 21, pp. 7600-7608, 2016.

[4] A. Mikov, A. Moschevikin, A. Fedorov, and A. Sikora,
“A localization system using inertial measurement units
from wireless commercial hand-held devices,” in 2013
International Conference on Indoor Positioning and
Indoor Navigation (IPIN), 2013, pp. 1-7.

[5] M. Vezoénik and M. B. Juri¢, “Inertial Sensor-Based
Step Length Estimation Models: A Review,” In Review
Process, 2018.

[6] V. Renaudin, M. Susi, and G. Lachapelle, “Step Length
Estimation Using Handheld Inertial Sensors,” Sensors,
vol. 12, no. 7, pp. 8507-8525, 2012.

[7] H. Weinberg, “Using the ADXL202 in pedometer and
personal navigation applications,” Analog Devices
AN-602 application note, vol. 2, no. 2, pp. 1-6, 2002.

[8] E. M. Diaz and A. L. M. Gonzalez, “Step detector and
step length estimator for an inertial pocket navigation
system,” in 2014 International Conference on Indoor
Positioning and Indoor Navigation (IPIN), 2014, pp.
105-110.

Proceedings of the 2018 5™ Student Computer Science Research Conference

S t uC O S Re C Ljubljana, Slovenia, g October

45



[9] I. Bylemans, M. Weyn, and M. Klepal, “Mobile
phone-based displacement estimation for opportunistic
localisation systems,” in Third International Conference

S C S R C Proceedings of the 2018 5" Student Computer Science Research Conference
tu O e Ljubljana, Slovenia, 9 October

on Mobile Ubiquitous Computing, Systems, Services and
Technologies, 2009. UBICOMM’09., 2009, pp. 113-118.

46



StuCoSReC




University of Primorska Press
www.hippocampus.si
ISBN 978-961-7055-26-9






